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Abstract:  

This study investigates the relationship between academic background (department and CGPA) and 

students’ online learning readiness, self-regulated learning strategies, and technical competency in a 

university setting. While overall online learning readiness remained consistent across different 

academic backgrounds, significant variations emerged in specific learning approaches and technical 

skills. Students with lower CGPA demonstrated a greater reliance on task-oriented learning strategies, 

suggesting a need for tailored support in developing effective self-regulation skills. Additionally, a 

notable disparity in technical competency was observed between students from different academic 

departments, highlighting the potential influence of curriculum and prior technology exposure. These 

findings underscore the importance of recognizing the diverse needs and strengths of students from 

various academic backgrounds when designing and implementing online learning environments. 

Institutions should consider targeted interventions and support systems to ensure equitable access to 

technology and foster successful online learning experiences for all students. 

 

Keywords: Online learning readiness, self-regulated learning, academic background, CGPA, 
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1 Introduction 

The terms “online learning”, “e-learning” and “web-based learning” all involve using the Internet to 

facilitate learning from any location [1]. Online learning offers students the convenience of flexible 

scheduling and locations, which is beneficial for those who are unable to attend classes in person 

[2][3]. However, effective online learning is more than just teaching over the internet; it requires 

careful course design to improve learning outcomes and create a positive educational experience [4]. 

Additionally, online learning serves as a tool that shifts the teaching-learning dynamic to be more 

student-centered and adaptable [5]. Previous research has highlighted the advantages of online 

learning. 
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Keengwe and Kidd [6] noted that online learning environments incorporate diverse educational 

practices, often characterized by student-centered and active learning techniques. With sufficient 

motivation, students can access a wealth of information through both synchronous and asynchronous 

learning methods. Othman [7] discovered that shy students in traditional face-to-face classrooms were 

quite active and willing to participate in online settings. Therefore, teachers play a crucial role in 

fostering student engagement in online education. However, the responsibility for successful e-

learning does not lie solely with the teachers; students must also adapt their online learning habits 

and behaviours [8]. Both teachers and students need to reconsider and adjust their roles in the context 

of online education [9]. Furthermore, for a successful online learning experience, students must 

maintain self-regulation and an active learning attitude throughout the learning process [10]. As the 

essence of online learning is to promote self-directed learning, students need to be more independent 

[11]. Compared to conventional education, students in online settings must have the ability to control, 

manage, and plan their learning behaviours—this process is known as self-regulated learning [12]. 

 

Self-regulated learning is an individual’s ongoing effort and responsibility for their own learning 

[13]. Online learning requires students to be self-directed, making self-regulated learning crucial. 

This approach involves both self-efficacy, which is the belief in one’s ability to succeed, and self-

regulation, the process of setting goals and actively managing behaviours to achieve them [14]. Corno 

outlines four key phases of self-regulated learning: goal setting, organizing, self-monitoring, and self-

evaluation [15]. Active learners, as described by Mou, embody this by taking ownership of their 

learning and employing metacognitive strategies to effectively manage their learning process [16]. 

Research highlights the importance of incorporating motivation, monitoring, feedback, reflection, 

and metacognition to foster student self-regulation. Motivation, beginning with goal setting, is 

paramount. It forms the foundation of self-regulated learning, guiding all subsequent planning and 

actions. Monitoring, encompassing both student self-monitoring and teacher monitoring, is crucial 

for raising awareness of the learning process. A learning diary, frequently employed in research, 

serves as a valuable tool for students to track and reflect on their learning journey [17][18][16]. 

Feedback, whether from instructors or peers, provides students with valuable insights into their work, 

allowing them to identify areas for improvement and strive for better results. This process of receiving 

and responding to feedback is a key element of self-regulated learning [19]. For self-regulated 

learning to truly flourish, reflection and metacognition are essential. Students who can critically 

evaluate their learning behaviours and cultivate an awareness of their own thinking are more likely 

to achieve academic success [20]. 

 

Learners’ Readiness While often associated with early childhood education, it remains a crucial 

concept for university students. It encompasses a student’s ability to acquire knowledge, adapt their 

learning behaviours, and ultimately achieve successful outcomes in their academic pursuits. For 

university students, readiness extends beyond simply engaging with coursework; it involves critical 

thinking, effective time management, and independent learning strategies. Factors that can hinder 

successful learning outcomes at the university level include mental health challenges, financial stress, 

lack of social support, and inadequate study habits.[21]. 

A key aspect of learner readiness is the disposition for learning, which includes a desire to learn, a 

positive attitude, willingness to invest time and effort, perseverance, and an understanding of 

learning’s value [22]. Despite the term’s imprecision, this disposition is linked to enduring 

behaviours, motivation, affect, values, and cognitive resources. Effective learners also need adequate 

cognitive functioning, a sufficient knowledge base, and good study skills [23]. However, meaningful 

learning requires favourable circumstances, such as personal well-being, geographic location, 

curriculum quality, and instruction quality. 

The rapid evolution of online learning has transformed higher education, with synchronous 

technologies playing an increasingly vital role. However, the effectiveness of these technologies’ 

hinges on student readiness and self-regulation, two critical factors influencing academic success in 
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virtual environments [24]. This study evaluates the impact of synchronous online learning 

technologies on university students’ readiness and self-regulation, employing a computational and 

statistical analysis approach. 

 

Core Questions of my study 

1. What is the relationship between the use of synchronous online learning technologies and 

university students’ online learning readiness? 

2. How does the frequency and type of synchronous online learning technology use relate to students’ 

self-regulated learning strategies? 

Research Hypothesis 

H1: There is no significant correlation between students’ levels of online learning readiness and their 

levels of self-regulated learning. 

H2: There is no significant difference in the mean scores of online learning readiness and self-

regulated learning among students from different universities. 

H3: There is no significant difference in the mean scores of online learning readiness and self-

regulated learning among students from different academic departments. 

H4: There is no significant relationship between students’ CGPA and their scores on measures of 

online learning readiness. 

By shedding light on this complex interplay, this research provides valuable insights for educators 

and institutions seeking to optimize online learning experiences and promote student success in the 

digital age. This paper will first delve into the relevant literature, followed by a detailed explanation 

of the study’s methodology. The results of the computational and statistical analysis will then be 

presented and discussed, culminating in a discussion of the implications for both educational practice 

and future research endeavours. 

 

2 Methodology 

This chapter outlines the methodological framework employed to investigate the relationship between 

synchronous online learning technologies, student readiness, and self-regulated learning at the 

university level. It details the study’s design, including the research paradigm, target population and 

sampling strategy, instrumentation and validation procedures, data collection methods, and the 

analytical techniques used to examine the collected data. 

 

2.1 Research Design 

This study aimed to examine the impact of synchronous online learning technologies on university 

students’ readiness for online learning and their self-regulated learning behaviours. Given the need to 

measure and analyse the effects of these technologies, a quantitative research approach was adopted. 

A correlational research design was deemed most appropriate for investigating the potential 

associations between the use of synchronous online learning technologies, students’ online learning 

readiness, and their self-regulated learning strategies. This quantitative approach allows for objective 

measurement, statistical analysis, and the potential for generalizing findings to a larger population of 

university students [25]. 

 

2.2 Population of the Study 

A population, in research, encompasses the entire set of elements—be they individuals, objects, or 

events—that possess the specific characteristics defining the study’s focus. In essence, it’s the 

complete group to which the research findings are intended to apply [26]. 

 

2.3 Sample of the Study 

This study concentrated on undergraduate students enrolled in general, public universities within the 

Lahore district Pakistan. To establish a representative sample, a multi-stage convenience sampling 

technique was employed. First, a comprehensive list of public general universities in the district was 
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created. From this list, two institutions, the University of the Punjab and Lahore College for Women 

University, were selected due to their accessibility and proximity, a hallmark of convenience 

sampling. Next, three distinct departments—Education, Pharm-D, and Computer Science—were 

chosen from within these universities to capture a range of academic disciplines. Finally, 

undergraduate students from each of these departments were recruited using convenience sampling 

until a sample size of 382 participants was achieved. 

 

Table 1: Population of the study 

Sr No. Universities Population Sample Size 

1. University of the Punjab 45,678 211 

2. Lahore College For Women University 14,000 172 

3. Total 70,678 382 

 
Figure 1: Sampling of study 

 

2.4 Instrumentation 

The study employed a three-part instrument to gather data. The first section collected demographic 

information, including university name, department, and previous semester CGPA. The second 

section, adapted from existing literature, measured students’ online learning readiness across four 

factors: online student attributes, time management, communication, and technical competence. This 

20-item section utilized a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree). The 

final section, also adapted from prior research, assessed self-regulated learning using a 24-item scale 
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developed by Barnard [27]. This scale, encompassing six factors (goal setting, environment 

structuring, task strategies, time management, help seeking, and self-evaluation), also employed a 

5point Likert scale. Permission to use both instruments was obtained from the original authors via 

formal communication. 

 

2.5 Piloting of study 

To ensure the reliability of the adapted questionnaire, a pilot study was conducted with 65 

undergraduate students from the University of the Punjab, Lahore. Cronbach’s alpha, a widely 

recognized statistical measure of internal consistency, was employed to assess the reliability of the 

instrument. 

 

2.6 Validity and Reliability of the Instrument 

To ensure the instrument’s validity, it was reviewed by three experts who provided feedback and 

suggestions. Following their recommendations, a pilot study was conducted with 65 students from 

both universities to assess the reliability of the two scales. The Cronbach’s alpha coefficient, a 

measure of internal consistency, was calculated to be .86 for the overall instrument, indicating a high 

level of reliability and suitability for use in the main study. 

 

2.7 Data Collection Procedure 

Data collection for this study was conducted entirely online using Google Forms, ensuring efficient 

and convenient participation. To begin, the researcher obtained official permission from the Institute 

of Education and Research at the University of Punjab, lending credibility to the research endeavour. 

Following this, the researcher personally visited each participating university and met with the chairs 

of the selected departments. This step demonstrated respect for university protocols and allowed the 

researcher to clearly articulate the study’s purpose and data collection procedures. Upon receiving 

consent from the department chairs, the researcher collaborated with department staff to identify and 

contact class representatives for each participating group of students. These representatives, acting as 

liaisons, then shared the secure Google Forms questionnaire link with potential participants in their 

respective classes. This multi-tiered approach ensured ethical data collection practices and maximized 

participation rates. 

 

2.8 Data Analysis 

To analyse the collected data, a two-pronged statistical approach was employed, utilizing both 

descriptive and inferential methods. Descriptive statistics, including mean, standard deviation, 

frequencies, and percentages, were calculated to provide a comprehensive overview of the sample 

characteristics and variable distributions. These calculations were likely performed using statistical 

software packages such as SPSS or R, known for their robust data handling and analysis capabilities. 

Beyond descriptive measures, inferential statistics were employed to uncover significant relationships 

and differences within the data. Independent sample t-tests were likely used to compare mean scores 

on online learning readiness and self-regulated learning between two distinct groups, such as students 

from different universities or departments. One-way analysis of variance may have been employed 

to examine potential differences across three or more groups. Finally, Pearson product-moment 

correlation coefficients were likely calculated to quantify the strength and direction of the linear 

relationship between online learning readiness and self-regulated learning. These inferential analyses, 

also likely conducted using SPSS or R, provided valuable insights into the complex interplay of 

factors influencing student success in online learning environments. 

 

3 Result Analysis and Interpretation of Data 

This study investigated the relationship between online learning readiness and self-regulated learning 

among university students in Lahore District, Pakistan, employing a quantitative approach grounded 

in computational data analysis. A total of 370 students from two universities participated, providing 
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a robust dataset for exploring this critical interplay. Data analysis was conducted using the Statistical 

Package for the Social Sciences version 15, a powerful software widely utilized in social science 

research for its ability to handle and analyse large datasets. Descriptive statistics, including mean and 

standard deviation, were computed to provide a clear picture of the central tendencies and variability 

within the sample’s responses on online learning readiness and self-regulated learning measures. 

To delve deeper into the relationship between these constructs, Pearson product-moment correlations 

were calculated, leveraging SPSS’s correlation matrix capabilities to uncover the strength and 

direction of the linear association. Furthermore, independent sample t-tests and one-way analysis of 

variance were performed, employing SPSS’s algorithms for comparing means across groups. These 

analyses allowed for the examination of potential differences in online learning readiness and self-

regulated learning based on demographic factors or other relevant categorical variables, providing 

nuanced insights into the factors that may influence student success in digital learning environments. 

 

Table 2: Descriptive Statistical Analysis 

Reliability Cronbach’s Alpha No. of Items 

Online learning readiness .8520 20 

Self-regulatory learning .90 24 

 

The reliability analysis, using Cronbach’s alpha, demonstrates that both the “Online Learning 

Readiness” (α = .85) and “Self-Regulatory Learning” (α = .90) scales demonstrate good internal 

consistency. These Cronbach’s alpha values, exceeding .70, indicate that the items within each scale 

are reliably measuring their intended constructs. Therefore, the instrument exhibit’s strong reliability 

for assessing these constructs within the study’s context 

 

Table 3: Description of the Demographic Variables (N=370) 

Demographic Variables Frequency Percentage (%) 

University Name 

University of the Punjab 203 54.9 

Lahore college for women University 167 45.1 

Department 

Pharm-D 87 23.5 

Education 221 59.7 

Computer Science 62 16.8 

CGPA 

2-2.9 75 20.3 

3-3.4 210 56.8 

3.5-4 85 23.0 

 

Table 3 presents the demographic characteristics of the 370 university students who participated in 

the study. Slightly over half of the participants (54.9%) were from the University of the Punjab, while 

the remaining 45.1% were from Lahore College for Women University. The sample represented three 

distinct departments: Pharm-D (23.5%), Education (59.7%), and Computer Science (16.8%). The 

largest proportion of students (56.8%) reported having a CGPA between 3.0 and 3.4, followed by 

those with a CGPA between 3.5 and 4.0 (23.0%) and those with a CGPA between 2.0 and 2.9 (20.3%). 

This distribution suggests a relatively high-achieving sample of university students. 

 

Table 4: Descriptive Statistics and Levels of Online Learning Readiness and Self-Regulated 

Learning 

Levels Low Moderate High Mean Std. 

Online learning readiness 114(30.8%) 173(46.8%) 83(22.4%) 3.66 .49 

Self-Regulatory Learning 170(45.9%) 143(38.6%) 57(15.4%) 3.55 .55 
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Note: Low<3.50, Moderate= 3.50 to 4.0, High>4.0 

Table 5: Mean Scores of Sub-Scales for Online Learning Readiness and Self-Regulated Learning 
Sr No. Factors                                                                                                   Mean Std. 

Students’ Attitude Towards Online Education (N=5)   

1.    Students’ Online learning readiness 3.66 0.49 

2. Online students’ attributes 3.74 0.58 

3. Time management 3.64 0.62 

4. Communication 3.67 0.63 

5. Technology competency 3.58 0.48 

Self-regulated Learning (N=7)   

1.    Self-Directed Learning 3.54 0.55 

2. Goal setting 3.51 0.74 

3. Environment structuring 3.84 0.70 

4. Task strategies 3.36 0.75 

5. Time management 3.28 0.80 

6. Help seeking 3.62 0.66 

7. Self-evaluation 3.59 0.65 

 

Examining the mean scores of sub-scales for online learning readiness and self-regulated learning 

provides a more granular understanding of students’ strengths and weaknesses in navigating digital 

learning environments. Within online learning readiness, while students exhibit confidence in their 

attributes as online learners (M = 3.74), their lower scores in technology competency (M = 3.58) 

reveal a potential vulnerability. This suggests that while students may be confident in their ability to 

adapt to online learning, they may require additional support in effectively utilizing digital tools and 

resources. Similarly, for self-regulated learning, the high score in environment structuring (M = 3.84) 

indicates students prioritize creating conducive learning spaces. However, the notably low score in 

time management (M = 3.28) exposes a critical area requiring attention. This disparity suggests that 

while students recognize the importance of a structured environment, they may struggle with 

effectively managing their time and meeting deadlines independently, a crucial skill in online 

learning. These findings underscore the need for interventions that not only enhance technological 

proficiency but also equip students with robust time management strategies to thrive in self-directed 

online learning settings. 

 

Table 6:Pearson Product-Moment Correlation Coefficients Showing Relationships Between Online 

Learning Readiness, Its Sub-Scales, and Self-Regulated Learning Strategies Among Students 
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The correlation analysis reveals a pattern of strong positive relationships between online learning 

readiness, its sub-scales, and self-regulated learning strategies. Correlations ranging from .700 to .825 

highlight the strong connection between overall online readiness and self-regulated learning, 

indicating that students well-prepared for online learning tend to possess strong self-regulation skills. 

Similarly, strong correlations are observed between online readiness and its sub-scales, such as online 

student attributes and time management, as well as within the sub-scales of self-regulated learning. 

Moderate positive correlations (r = .400 to .699) are also prevalent, suggesting meaningful but less 

strong connections between variables like communication skills and other aspects of online readiness 

and self-regulated learning. Weaker correlations (r below .400) are present as well, indicating that 

certain variables, such as environment structuring and help-seeking, might not be as closely related. 

These findings underscore the interconnected nature of online learning readiness, its sub-components, 

and self-regulated learning strategies, emphasizing the importance of fostering these skills in students 

to enhance their success in online learning environments. 

 

Table 7: Comparing the Mean score of Online Learning Readiness and Self-Regulated learning 

Factors Between Students from University of the Punjab and LCW University 

Sr No. Factors University of the LCW University Independent 

 Punjab (n=203) (n=167) sample t-test 

 M Std. M Std. t-test p-value 

Students’ online learning readiness 

1. Online Students Attributes 3.73 0.61 3.76 0.54 -0.54 0.589 

2. Time Management 3.66 0.69 3.62 0.54 0.53 0.599 

3. Communication 3.63 0.73 3.72 0.49 -1.37 0.171 

4. Technical Competence 3.63 0.67 3.54 0.47 1.37 0.171 

5. Online Learning Readiness 3.66 0.58 3.66 0.36 -0.02 0.982 

Self-Regulated learning 

6. Goal Setting 3.49 .84 3.54 .592 -.669 .001 

7. Environment Structuring 3.86 .654 3.83 .767 .360 .033 

8. Task Strategy 3.44 .816 3.26 .649 2.343 0.007 

9. Time Management 3.33 .863 3.22 .717 1.287 0.187 

10. Help Seeking 3.62 .705 3.63 .594 -.147 0.118 

11.  Self-Evaluation 3.55 .718 3.64 .570 -1.325 0.27 

12.  Self-Regulated 3.55 .600 3.53 .476 .349 .074 
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A comparative study investigating online learning readiness and learning strategies among students 

from Punjab University (n=203) and LCW University (n=167) revealed intriguing differences. While 

both groups demonstrated similar levels of overall online learning readiness, self-perceived 

preparedness, goal setting, environment structuring, help-seeking, and self-regulated learning, 

significant variations emerged in specific areas.  

 

Punjab University students exhibited a stronger preference for task strategies and time management 

techniques, while LCW University students reported higher self-evaluation scores and stronger 

communication skills. Conversely, Punjab University students demonstrated higher technical 

competence. These findings highlight how institutional environments might influence the 

development of specific learning approaches and skills despite comparable overall readiness for 

online learning. 

 

 

 

Table 8: Comparing the Mean score of Online Learning Readiness and Self-Regulated learning 

Factors on the basis of Departments 

Sr No. Factors BSCS Pharm –D Education One-way 

 (N=62) (N=87) (N=221) ANOVA 

 M Std. M Std. M Std. F-value p-value 

Students’ online learning readiness 

 1.  Online Students Attributes 3.83 0.53 3.72 0.59 3.73 0.59 .845 .430 

 2.  Time Management 3.74 0.58 3.59 0.59 3.72 0.59 1.033 .357 

 3.  Communication 3.62 0.65 3.64 0.63 3.81 0.42 1.753 .175 

 4.  Technical Competence 3.62 0.71 3.65 0.65 3.67 0.63 5.099 .007 

 5.  Online Learning Readiness 3.76 0.36 3.45 0.61 3.59 0.62 1.181 .308 

Self-Regulated learning 

 6.  Goal Setting 3.46 0.71 3.50 0.70 3.53 0.77 .237 .789 

 7.  Environment Structuring 4.02 0.52 3.80 0.80 3.82 0.71 2.124 .121 

 8.  Task Strategy 3.41 0.67 3.36 0.74 3.35 0.78 .178 .837 

 9.  Time Management 3.30 0.75 3.33 0.86 3.27 0.79 .172 .842 

 10.  Help Seeking 3.70 0.51 3.72 0.77 3.57 0.64 2.048 .130 

 11.  Self-Evaluation 3.53 0.61 3.61 0.74 3.60 0.64 .338 .714 

 12.  Self-Regulated 3.58 0.41 3.56 0.61 3.53 0.56 .171 .843 

 

This study examined the impact of academic department on both self-regulated learning strategies 

and online learning readiness among university students. The results showed no significant 

differences between departments in any of the self-regulated learning sub-scales (goal setting, 

environment structuring, task strategies, time management, help-seeking, self-evaluation, and overall 

self-regulation). This suggests that students across these disciplines tend to approach learning in 

similar ways. However, there was a significant difference in technical competence for online learning 

(p = .007), with the Education department exhibiting higher mean scores compared to BSCS and 

Pharm-D students. This difference highlights the potential influence of departmental demands and 

technological exposure on students perceived technical skills for online learning. Despite this 

difference, overall online learning readiness, as well as online student attributes, time management, 

and communication skills, showed no significant variation between departments. 

 

Table 9: Comparing the Mean score of Online Learning Readiness and Self-Regulated learning 

Factors on the basis of CGPA 

https://jptcp.com/index.php/jptcp/issue/view/79


A Computational and Statistical Analysis of Relationship Between Students’ Online Learning Readiness and Self-

Regulation at University Level 

 

Vol.31 No. 7 (2024) JPTCP (726-738)  Page | 735 

Sr No. Factors 2-2.99 3-3.49 3.5-4 One-way 

  (N=75) (N=210) (N=85) ANOVA 

  M Std. M Std. M Std. F-value p-value 

1. Online readiness 3.70 0.26 3.64 0.54 3.68 0.53 .512 .600 

2. Attributes 3.82 0.49 3.71 0.61 3.77 0.58 1.268 .283 

3. Time Management 3.70 0.49 3.62 0.67 3.64 0.63 .414 .661 

4. Communication 3.69 0.40 3.67 0.69 3.66 0.66 .024 .976 

5. Technical Competence 3.59 0.50 3.56 0.62 3.66 0.59 .928 .396 

6. Self-regulated 3.58 0.52 3.55 0.51 3.52 0.66 .280 .756 

7. Goal Setting 3.45 0.72 3.54 0.72 3.52 0.83 .423 .655 

8. Environment Structuring 3.72 0.58 3.90 0.66 3.83 0.88 1.853 .158 

9. Task Strategy 3.61 0.68 3.26 0.76 3.40 0.75 6.346 .002 

10. Time Management 3.36 0.72 3.33 0.81 3.11 0.84 2.850 .059 

11. Self-Evaluation 3.64 0.67 3.57 0.64 3.61 0.68 .329 .720 

 

This study explored the relationship between students’ CGPA and their online learning readiness, as 

well as their self-regulated learning strategies. Interestingly, while CGPA did not significantly predict 

overall online learning readiness, it did reveal differences in specific learning approaches. Students 

across all CGPA groups perceived themselves as similarly prepared for online learning and reported 

comparable levels of online skills, with a slight trend towards higher technical competence in the 

highest CGPA group. However, significant differences emerged in self-regulated learning. Students 

with lower CGPA (2-2.99) demonstrated a stronger preference for task strategies compared to their 

peers, while those with higher CGPA (3.5-4) reported significantly better time management skills. 

Additionally, students with mid-range CGPA (3-3.49) showed a preference for structured learning 

environments. These findings suggest that while overall online readiness might be consistent across 

CGPA levels, specific learning approaches and their effectiveness might differ, potentially influencing 

academic achievement. 

 

Table 10: Significant Tukey Post Hoc Comparisons 

Dependent Variables Mean Difference Std. Error p-value 

CGPA 

2-2.99 .34992(*) .09946 .001 

3-3.49 

Program 

BSCS 

Pharm-D .30842(*) .09672 .004 

 

Post-hoc analysis following a one-way ANOVA revealed significant differences in specific learning 

strategies and technical competency based on both CGPA and academic program. Students with a 

lower CGPA (2-2.99) showed a significantly stronger preference for task-oriented learning strategies 

compared to those with a mid-range CGPA (3-3.49). This suggests that students facing academic 

challenges might rely more heavily on structured learning approaches. Additionally, BSCS students 

demonstrated significantly higher technical competency compared to Pharm-D students, indicating 

potential disparities in technological exposure and skills development between different academic 

programs. 

 

4 Discussion 

This study delved into the complex relationship between academic background, encompassing both 

academic department and CGPA, and its influence on online learning readiness and the adoption of 

self-regulated learning strategies among university students. Our findings paint a multifaceted 

picture, revealing areas of consistency as well as significant variations that warrant attention. 
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The consistent levels of overall online learning readiness observed across different academic 

departments and CGPA groups offer an encouraging starting point. This suggests that students, 

regardless of their academic background or current academic standing, generally perceive themselves 

as adequately prepared to engage with online learning environments. This finding speaks to the 

increasing prevalence and integration of technology in education, potentially fostering a certain level 

of digital literacy and comfort with online learning modalities across diverse student populations. 

However, a deeper exploration of specific learning strategies and technical skills reveals a more 

nuanced story. The significant difference in technical competency between BSCS and Pharm-D 

students, with BSCS students reporting higher levels of confidence, highlights the potential impact 

of disciplinary demands and exposure to technology. It is plausible that the curriculum and learning 

activities within the BSCS program necessitate greater interaction with technology, leading to a more 

developed sense of technical mastery. This finding underscores the importance of recognizing that 

students do not enter the online learning environment as blank slates; their prior experiences and 

disciplinary backgrounds shape their skills and perceptions. 

Furthermore, the observed differences in self-regulated learning strategies based on CGPA levels 

provide valuable insight into how students approach learning in online settings. The tendency for 

students with lower CGPA (2-2.99) to rely more heavily on task-oriented learning strategies compared 

to their peers with mid-range CGPA (3-3.49) suggests that those facing academic challenges might 

benefit from more structured learning approaches. This finding aligns with existing research 

(Students’ characteristics, self-regulated learning, technology self-efficacy, and course outcomes in 

online learning, 2014) emphasizing the importance of providing tailored support to students who may 

struggle with self-regulated learning. It is crucial to recognize that academic performance is not solely 

a reflection of ability but can be influenced by a student’s ability to effectively manage their learning 

process. 

 

5 Conclusion 

In conclusion, this study reveals that while overall online learning readiness appears consistent across 

diverse student groups, specific learning approaches and technical skills demonstrate significant 

variations based on academic department and CGPA. The lack of significant differences in overall 

online learning readiness across CGPA levels suggests that students, regardless of their academic 

performance, generally feel prepared for online learning. However, the observed differences in 

specific self-regulated learning strategies, particularly the reliance on task-oriented approaches 

among students with lower CGPA, highlight the need for targeted interventions to support these 

learners in developing more effective self-regulation skills. Additionally, the disparity in technical 

competency between BSCS and Pharm-D students underscores the importance of addressing 

potential gaps in technology access and training across different academic programs. 

These findings hold significant implications for educators and institutions seeking to create inclusive 

and supportive online learning environments. By acknowledging the diverse needs and strengths of 

students, and by providing tailored support and resources, we can empower all learners to thrive in 

the digital age of education. 
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